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index=pd.DatetimeIndex(start=target_ts.index[0], freq=target ts.index.freq, periods=len(f)),
data=f

)
feat_ts[forecast date-plot_history:forecast date+prediction length].plot(ax=ax, color='g')
A NS N In [30]: M style = {'description width': 'initial'}
: — i
= c . 8
= — » V A show_samples=Checkbox (value=False),
e e r N [R— 1T \ continuous_update=False
a a — / )
> def plot_interact(forecast day, confidence, history weeks plot, show samples):
plot(
N o IS predictor,

target_ts=timeseries[0],

' Jupyter DeepAR-Electricity-itoc Last Checkpoint: 164/ (autosaved)

In [31]: M @interact manual(

forecast_day=IntSlider(min=0, max=100, value=51, style=style),
confidence=IntSlider(nin=66, nax=95, value=80, step=s, style=style),
history weeks_plot=Intslider(min=1, max=20, value=1, style=style),

forecast_date=end training + datetime.timedelta(days=forecast_day),
show_samples=show_samples,

plot_history=history weeks plot * 12 * 7,

¢ S3LIZT—HRR—REERLT.

confidence
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Jupyter Notebook £ TETILIEEZLT-LY

icrosoft Azure N

books  Preview My Proj

Help regonn

Poveredby "~ JUpYter train (uosven A e

zure Machine Learning Service
° zﬁ g 0) 54 “3 IJ -67__\\_9L I & 4‘"3‘“7 t;*gp.’;»p”‘t“:‘

)
Tocal_run = experinent.subnit (autonated nl_config, show output=True

Running on local machine
= I/ = ITERATION: The iteration being evaluated
| ) . fe 8 . PIVELINE: A Sumary description of the Bipeline being evaluated.
TRAINFRAC: Fraction of the training data to train on

DURATION: Time taken for the current iteration.
METRIC: The result of computing score on the fitted pipeline.

> Ky BEST: The best observed score thus far
=4 33 37 ~
i n Jj d~ ]J *, ITERATION  PIPELINE TRAINFRAC DURATION  METRIC BEST
> ~ o 1.0000 :00:16

MaxAbsScaler RandonForest o 0.7219  0.7219
1 StandardscalerWirapper DecisionTree loeeo  o: 0.7380  0.7380

2 StandardscalerWirapper LightGBM loeeo  o: 0.7620  0.7620

,— 3 StandardScaleriirapper LightGBM Loeeo  o: 0.7451  0.7620

i S I 4 standardscalerWrapper DecisionTree 1.0000 o: 0.7394  0.7620

- 5  MaxAbscaler LightGBM 1.0000 0. 0.7561  0.7620

6 Standardscaleriirapper DecisionTree Loeeo o 0.7446  0.7620

7 MaxAbsScaler ExtremeRandonTrees loeeo o 0.7428  0.7620

8  Standardscaleriirapper GradientBoosting Toeeo  o: 0.7417  0.7620

9 MaxAbsScaler LightGBM leee0  o: 0.7495  0.7620

10 HaxAbsscaler RandomForest loeeo o 0.7552  0.7620

11 MaxAbsScaler ExtremeRandonTrees loeoo o 0.7542  0.7620

S 12 HaxAbsScaler SGD loeeo  o: 0.6652  0.7620

Y S 13 Maxkbsscaler Lighteam oo o 07591 0,762
14 MaxAbsScaler LightGM Loeeo o 0.7468  0.7620

15 MaxAbsScaler SGD Loeeo o -0.6139  0.7620

16 StandardscalerWirapper LightGaM Toeeo  o: 0.7478  0.7620

17 Standardscalertirapper LightGaM Toeeo  o: 0715 0.7620

18 StandardscalerWirapper DecisionTree loee0 o 07210 0.7620

19 HaxAbsScaler LightGeM o000 o 0.7150  0.7620

\ 20 Standardscalerwrapper GradientBoosting leoee o 0.7607  0.7620
21 MaxAbsScaler RandomForest leeeo  o: 07135 0.7620

22 MaxAbsScaler DecisionTree Loeeo o 0.7240  0.7620

23 MaxAbsScaler ExtremeRandonTrees Loeeo o 0.7571  0.7620

24 StandardScaleriirapper RandonForest Toeeo  o: 0.7281  0.7620

25 Standardscaleriirapper DecisionTree Toeeo  o: 0.7268  0.7620

26 MaxbsScaler LightGeM Toeeo  o: 0.7171  0.7620

o000 o 0.7131  0.7620

loeeo  o: 0.7542  0.7620

loeoo  o: 0.7674  0.7674
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https://uber.github.io/ludwig/examples/#kaggles-titanic-predicting-survivors
https://facebook.github.io/prophet/docs/quick_start.html
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